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Profession

users are mainly organized by their professions
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Our Framework

__________________________________________
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Fig. 1. The framework of PIFB



Our Data

No. | Category Ratio (%)
1 Media 26.3
2 Entertainment | 10.1
3 Estate 9.1
4 Finance 8.6
5 Government 8.5
6 IT 8.4
7 Sports 6.4
8 Fashion 6.2
0 Education 5.9
10 Literature 54
11 Game 5.1

41,531 manually annotated influential users
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Group Similar Hot Messages Together

e Simhash
* Paragraph2vec

 Matrix factorization
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Number of forwards

Evaluation
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Evaluation

Table 2. Number of absolutely hot messages

e Absolute hot

No. | Threshold |# before filter|# after filter
500 731,150 100,219
2000 426,019 82,339
10000 74,308 32,955

ed| D] —

e Relative hot




Evaluation

Table 3. Number of messages under different merging strategies

No. |Merging Strategy # before |# after

1 |Simhash 162,025 |57.624
2 |P2V 162,025 [32,118
3 |UWMF 162,025 |27,129
4 |Simhash+P2V+UWMF|162,025 (17,196
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Evaluation

No. | Method Accuracy Precision | Recall | F1

] Baseline 62.38 64.03 60.29 62.10

2 Simhash 69.24 r686% | 70.88 67.61 69.21 +7.1%
3 Simhash+P2V 73.779 + 11419 | 73.90 71.28 72.57 +1047%
4 Stimhash+P2V+UWMEF | 73.98 +1160% | 74.81 72.95 73.87 +11.77%

Table 4: Evaluation results for various features and combinations. (%)




Evaluation

Me En Es Fi Go | IT Sp Fa Ed Li Ga
Me 767 56 |27 |35 @ 4.1 33 122 (09 (06 |02 |02
En 72 745|102 |33 |07 1.4 | 44 | 5.1 0.2 1.3 1.7
Es 74 20 | 729 |85 53 22 (04 09 |0.1 0.0 |03
Fi 84 0.1 64 | 70.2 53 6.2 | 0.2 1.3 1.7 | 0.1 0.1
Go 49 22 (04 |42 | 782 |29 | 4.1 04 |25 |02 |00
IT 6.1 0.7 | 39 |43 1.3 [ 763 | 0.2 | 0.1 26 |07 |38
Sp 5.1 29 (00 |03 |03 1.0 [ 8.2 |22 |07 |00 1.3
Fa 9.7 149110 (62 |02 |00 |33 61.5] 09 1.2 1.1
Ed 52 39 |33 |46 |20 |32 |07 1.8 [ 684 |42 | 27
Li 137 7.2 | 0.7 1.3 | 0.6 14 |04 |33 |98 60.9 | 0.7
Ga 52 39 (08 |00 |04 |71 1.2 | 43 | 0.1 0.3 | 76.7

Table 5: Distribution of identified professions in each profession.




Conclusion

 find the hot weibo messages
e group similar hot messages together

* design a classifier to predict users’ professions



Questions



